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Abstract

Using a correlational survey design, the study assessed how self-efficacy,
mastery learning orientation, cognitive load, and test-taking strategies relate
to UTME performance and compared these factors across Arts, Engineering,
Science, Social Science, and Undisclosed career paths. A stratified sampling
technique was used to selected 400 students from the Iseyin, Saki, and Kishi
Teaching Service Commission zones. Due to the timing of the survey, a captive
sampling technique was used to identify students who had written the 2025
UTME. Data were collected using the researcher-developed UTME
Preparation Assessment Questionnaire. Students also reported their UTME
scores, ranging from 0 to 400, verified via official SMS results. Out of the 800
guestionnaires returned, 742 were usable after data cleaning. Data were
analysed using MANOVA and multiple regression statistics at the 0.05 alpha
level. Results showed significant relationships between the proximal learner
factors and UTME performance (p<.05). Self-efficacy, mastery learning
orientation, and test-taking strategies were positive and significant predictors
of UTME scores (p<.05), while cognitive load had a significant negative
relationship (P<-.05). Significant differences were also found in proximal
learner factors across the five career paths (p<.05), with Science and
Engineering students reporting higher self-efficacy and lower cognitive load
than Arts and Social Science students. The study concluded that since
proximal learner factors significantly influence UTME performance,
interventions aimed at improving self-efficacy, mastery orientation, and test-
taking strategies, should be deliberately taught in schools while managing
cognitive load, so as to enhance learning outcomes of Oke-Ogun students
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Introduction

Students’ performance in the Unified Tertiary Matriculation Examination
(UTME) has been portrayed as a multidimensional outcome. It is optimized
when evidence-based preparation strategies are deployed within a support
system of comportment, technological self-efficacy, syllabus currency, quality
instruction, material access, home-school collaboration, and formative
feedback. Students of theories that support these assertions appear to be
issuing notices of concerns to educational policy makers, measurement experts
and educational managers, in the interest of functional education for
sustainability. This may be because deficits in any domain, particularly
common in rural settings like Oke-Ogun, compound to depress performance
independent of student aptitude (Adeoye, 2021; Oladeji, 2020). Among the
theories that lend credence to these assertions are those that emphasized
students’ motivation/believe variables, achievement goal orientation variables,
cognitive processing variables and metacognitive variables. All these are
regarded as proximal learner factors that could associate with learners’
success, especially in the UTME, an aptitude test that secondary school leavers
are exposed to in Nigeria. Proximal learner factors are individual-level
variables that directly influence a student’s engagements, regulation and
performance in learning tasks, measured here as mastery learning orientations,
self-efficacy, cognitive load and test-taking strategies.

By way of description, mastery learning is a process that affords a learner the
opportunity to retrace the steps that they miss when they had difficulties in
learning or achieving a learning task. In this context, a learner is not made to
move on to another task, until they have a good grasp of an initial learning
task. Mastery learning posits that a small chunk has to be learnt; a fraction has
to be learnt, not a whole sum; skills are acquired piecemeal and not the whole
learning at a time. Learners have to check for correctness of the little that they
do, before progressing into the next stage which usually may be of increasing
difficulties. A teacher who checks a student’s work formatively, does so for
the purpose of mastery of the learning task, and not for the purpose of
punishment, believing that little is better mastered than a full load of task that
would require a complex process of learning, and rehearsal before
comprehension could take place. Therefore, if a student obtained a high score
in a test, the student should be allowed to take on tasks that require higher
order thinking, thus demonstrating brilliance (Lahza & Kilpatrick (2022).
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Where there is an error or mistake, it would not be counted as a failure, but it
is a call to finding alternative ways of solving the problem at hand. An
alternative way may be to view additional videos, get a friend to explain the
missed concept or visit worked examples.

In mastery learning, no student is labelled as dull. Rather, an unexpected lower
score may be indicating that the candidate has not mastered the concept yet.
But when they achieved the task, they should be allowed to move on. In
mastery learning, there are two categories of classes, namely the normal class
and the mastery class. In the normal class, students understanding varies as
time is also fixed. If learners move on to a higher class without understanding
the concept at a lower level, the higher-level learning becomes difficult.
However, in the mastery class, time is fluid, but there is fixed understanding.
Tasks are shared among learners, so that while they learn the same idea, the
entry point differs. Examples related to this can be traced to football practice
where a coach makes a football trainee to learn the art of ball trapping before
learning how to play a freekick. A similar example is when a music director
makes the choir to master the chorus through repetition rather than singing a
whole stanza of a music track. Similarly, a learner is made to keep relearning
until a sum is gotten correctly or there is perfection in the achievement of the
task. In other words, the message of mastery learning is about replaying a level
until a win is recorded or about doing the same thing repeatedly until the art is
mastered. Simply put, the learner must seek a different extra help; repeat a
worksheet associated with a single task; be patient with time. Learners are
there to be given extra challenges by the teacher, and not necessarily free time.
In mastery learning, students learn small bits, they check and fix the problems
and then move on (EBSCO Research Starters, 2023; Study.com, 2023).

Mastery learning, has its roots in Bloom's Learning for Mastery (Bloom,
1968/2007). Its emphasis is very strong on formative feedback, corrective
instruction, and achieving a proficiency level of between 80-90% proficiency
before moving forward. When applied to the process by which secondary
school students prepare for UTME, it may imply that students are exposed to a
series of preparatory activities, such as attending organised tutorial classes,
reading the UTME recommended textbooks, practicing with UTME past
guestions, engaging in CBT practice using appropriate devices, and getting
tested either by self (using worked answers), or through tutor-marked
assessments. The result of each testing gives formative feedback, which would
lead to learning on a higher platform of higher-order thinking after making
appropriate corrections (University of Nebraska-Lincoln, 2020).
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Within the context of this study, mastery learning was considered to have
involved reviewing school notes and textbooks in UTME subjects regularly to
reinforce understanding of the material; repeatedly practicing problems and
past questions to prepare for the UTME assessments; breaking up the UTME
study sessions into manageable size to aid retention of information; regularly
assessing understanding of the UTME study materials and identifying areas
where improvement is needed; reflecting on what works and what doesn't
work in UTME study approach and making adjustments as needed on time;
setting specific goals for and tracking progress in UTME studies; and asking
the teacher or classmates for help when struggling with the UTME study
materials. Other matters are utilizing online resources, such as video tutorials
or forums, to supplement UTME learning; seeking out additional support, such
as tutoring, when needed; finding ways to make the learning process enjoyable
and engaging; preparing very hard for the 2025 UTME in order to celebrate
progress and accomplishments along the way and staying motivated to learn
by setting achievable goals and tracking progress. It is believed that a student
who made an honest report of self and correctly completed a survey in respect
of all these indices of mastery learning would be above average in academic
performance, as may be reflected in their performance in the 2025 UTME in
Nigeria, especially in Oke-Ogun area of Oyo State, Nigeria, as set out for
assessment in this study.

By and large, despite ample evidence that mastery learning enhances
performance on classroom achievement tests (d=0.59 (Kulik et al. 1990), its
effectiveness for standardized aptitude tests with high stakes remains largely
unknown. Existing research has certain limitations: (a) they mostly use
teacher-made, paper-and-pencil achievement tests that are administered to
individual subjects in small classes in developed countries; (b) because post-
tests are administered immediately after instruction, they provide little
information about retention in the months between instruction and tests such as
UTME; and (c) there are few studies that examine how learner characteristics
that are salient in Nigeria, such as gender and religion, may impact results, or
whether the strategy is effective in public schools with large class sizes. How
useful is mastery learning as a preparatory strategy in the context of UTME,
which is computer-based, multi-subject, and used for university selection, is
still a subject of regular review, hence this study.

In a study of the effects of mastery learning approach on senior secondary
school students’ achievements in Mathematics in Lagos State, Nigeria,
Awofala (2020) recommended that mastery learning strategies should be used
by UTME coaching centers to reduce mass failure. This study leaves some
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gaps that this study would need to fill. First, the study was a quasi-
experimental study, hence the scope of study was automatically narrow. The
sample size (180 SS3 students) was small, even though appropriate for that
study, but put its generalization under probe. Only one subject (Mathematics)
was selected, and hence its findings cannot be taken as situational for all areas
of study.

A study conducted by Akanbi and Usman (2014), used a similar approach, but
the subject used for the study was Chemistry. The sample size was 120. The
authors concluded that mastery learning with corrective feedback enhances
achievement in high-stakes exams like UTME. The idea of corrective feedback
is a major aspect of mastery learning. This gives a boost to the study. This
study and that of Awofala, suggest that there have been some students who
have been exposed to mastery learning preparatory to taking standardised
examinations in Nigeria. This suffices to say that determining the level of
mastery learning of Oke-Ogun UTME candidates of 2025 may be a survey of a
series of interventions that might have been done.

Kulik, Kulik and Bangert-Drowns (1990), supported the assertion that
“mastery learning as effective for test preparation, though implementation time
was greater.” In their meta-analytic study that integrated findings from 180
controlled evaluations of mastery learning programmes with a focus on
primary, high school and higher institutions, Kulik et al. found out that
mastery courses at the college level were more effective than courses at the
elementary level. This study, which is a study of studies, produced more
complex findings, even though it used standardized aptitude/achievement tests
similar to SAT/UTME.

Another preparatory factor that could influence learning outcome in UTME is
the strength of self-efficacy of the candidates. This is supported by Albert
Bandura’s Social Cognitive Theory (1977, 1986), which posited that beliefs
about one’s capability to organize and execute courses of action predict effort,
persistence, and achievement. Self-efficacy is not seen as believing in oneself
as being great in every activity. Rather, it is about believing that one can figure
out the process of executing a specific task at any time. It is rather about
"people's judgments of their capabilities to organize and execute courses of
action required to attain designated types of performances.” This was the
definition of self-concept by Bandura in 1977. According to Bandura, self-
efficacy is different from self-esteem, which is about the extent to which a
person loves him/herself. But it is about the judgment of one’s own ability,
and that what actually a person does is a product of the judgement made about
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a matter. In his Social Foundations of Thought and Action, Bandura (1986)
identified four sources of self-esteem, namely, enactive mastery, vicarious
experience, verbal persuasion, and physiological/affective states. In enactive
mastery, a learner’s self-efficacy is boosted, when the person has a record of
success in an action that was similar in the past. In vicarious experience which
is otherwise called modelling, the success of a peer in a task, drives success in
the believe that one can also do a similar thing, no matter how difficult. Verbal
persuasion, which is about credible feed-back builds a high self-efficacy in a
learner. This assigns a role to an assessor, who sings praise of achievement of
a learner in a task, and cleverly points an area requiring improvement would
create better self-efficacy in the learner. Scoring or grading the UTME mock
exam and giving feedback or using a test-prep that gives accurate instant
feedback and with analytical explanation on how to do it better may be a
booster of self-efficacy. The last is the physiological and affective states. It is
about a candidate reading his/her own body. It calls for being confident and
being positive about being able to achieve a task. A positive physiological
state may create a judgement of possible success; while the negative may
create a demoralization that could negatively confront ability to succeed. All
these factors notwithstanding, a person who has high efficacy on one task, may
have the negative on the other. This may explain the variations that are often
recorded in series of examinations where a student passes well in one subject
but low at another. (Sometimes this becomes evident in SSCE and UTME
subjects).

In testing for self-efficacy of SSS students preparatory to the UTME,
determining the following are germane: believe in getting good grades in any
examination attempted; being confident in ability to solve complex questions
in any test or examination; being always confident in being able to complete
homework assignments and readings successfully at any moment; believe in
one’s ability to write a well-structured essay and accurately responding to
objective questions; believing in one’s ability to handle challenging
assignments if one can try hard enough; believing in being able to bounce back
from setbacks and failures at any time; being able to stay focused and
motivated to learn at any time. Being able to set realistic goals and achieve
them at any time; believing in ability to always master the skills taught in the
classroom to pass any examination; being confident of ability to complete any
assignment to a high standard; being able to think of multiple solutions, when
faced with a difficult problem; and believing in ability to master the skills
taught in the classroom at any time. Where all these are tested on a 4-point
scale, getting the overall percent correct score above 70 would imply a very
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high self-efficacy. The extent to which the overall self-efficacy of Oke-Ogun
resident secondary school students had influenced their scores was a major
thrust of these studies.

Previous studies have given direction to this study. For instance, In Oyo State
Nigeria, specifically, Adelodun (2021) found that academic self-efficacy was
the strongest predictor of underachievement among high-ability SSS students
in Afijio and Atiba LGAs, even above study habits. This conclusion is very
thought-provoking. Is it that those with high self-efficacy performed below
expectation, or that low self-efficacy amounts to low academic performance?
Yusuf (2022), in a correlational study in Kaduna State reported a significant
positive relationship between academic self-efficacy and academic
achievement (r =.564, p <.001), and between self-efficacy and cognitive
engagement (r =.518) This is not quite a serious departure from what other
studies have found. Moreover, a Saudi study by Alhadabi and Karpinski
(2020) reported that self-efficacy possesses the power to influence students’
performance scores, especially when academic self-efficacy, combines with
motivation, and engagement, even in the in-school cumulative Grade Point
Average (CGPA) of the undergraduates, beyond the entry examination that
ushered the students into the university, SAT, UTME or GRE. An inspiration
drawn from this is the need to test the possibility of the combined influence of
the four student level factors on SSS 111 student performance in UTME. This
outcome of the test could be used to confirm or refute al these previous study
reports.

Another student level factor is the cognitive load. The cognitive load of a
learner is the amount of mental work that happens in his/her memory at any
point in time. It is about the available space that could contain the number of
learnt matters, and which becomes saturated, unless additional space is
provided for it. Cognitive load requires that a piece of learnt matter is properly
processed so that it could endure in the long-term memory store. The cognitive
load theory was propounded by John Sweller towards the end of the 1980s.
The message of Sweller is that resources that could make learning very
permanent in learners have to be deployed so that the little that a learner could
learn at a particular time could be stored for recall easily when required. The
loads of information to be stored have to be according to the space available
knowing fully that working memory is not large. This justifies why
instructional resources must be properly designed so that the little space in the
memory store is not wasted. Sweller explained that there are three kinds of
cognitive loads, namely intrinsic, extraneous, and germane loads. According to
Sweller, a material (learning matter) has its own built-in difficulty which
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cannot be wished away. However, breaking it into sub-schema and teaching
them separately is the way out to understanding it. The extraneous load, is
about how information is presented and not necessarily, the topic to be
understood. According to Sweller, extraneous load is under the control of the
learner, because it is capable of consuming time. It calls for concentration on a
task and grappling it at a time than to be crosschecking two things at a time.
This is called split attention. Similarly, a student needs not read aloud the exact
part of a reading matter that the instructor is reading. Otherwise, he/she would
be guilty of redundant study. A learner should not read in a noisome
environment. Where there are distractions from clock timers, phones and other
gadgets, including the instruments of practice (Laptop or Desktop Computers),
the cognitive load of the learner may be hampered. Therefore, a high
extraneous load, would not make a learner to have enough rooms for proper
thought processes and storage. The germane load also requires a productive
effort to be spent to build and automate schemas. Therefore, identifying a
correct cognitive load to be acquired, not necessarily going through another
thought process before it is recognised is the germane load. A clear message of
the cognitive load theory is that intrinsic load must be properly managed,
alongside low extrinsic load, in order to have a good germane load.

Sweller’s Cognitive Load Theory (1988) distinguishes intrinsic, extraneous,
and germane load, arguing that working memory limits constrain learning
under high-stakes testing. Adeosun and Okonkwo (2024) tested this directly
among Nigerian pre-university science students and found a low inverse
relationship between cognitive load and mathematics performance, meaning
higher perceived load predicted lower scores. Their work, anchored in CLT
and Bandura’s theory, underscores the need for instructional designs that
reduce extraneous load during UTME preparation. For the purpose of the
UTME, a candidate is expected to “chunk before the test” by turning
procedures into one-line triggers, such as memorising the discriminant check
as a separate mini-schema when doing quadratic formula (for example) and
not necessarily as a part of every solution. The candidate is also expected to
always write the next steps, draw the free-body diagram and annotate the
passage. This implies external working memory, so that the annotated paper
becomes an add-on to the loads of learnt matters already stored in memory. In
addition, a candidate has to pretrain the formats, by simulating an examination
situation — scrolling the mouse, checking the timer while studying, not
necessarily to master the learning content but to get used to the real-life
examination conditions. A candidate should also arrive the hall early, and take
some fresh breathing so as not to be under pressure or stressed to taking the
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examination. In order to aid recall in the examination, the candidate is
expected to break his learning into small portions which would be rehearsed
on, so that there would be minimal load to store for easy recall after repeated
rehearsals rather than engage in rote learning (Sweller, Ayres, & Kalyuga,
2011; Schubert, Loffler, Sadus, K., et al., 2023; Kenneally, Bentley, &
Willison,2026).

In order to test the cognitive load of candidates who might have written the
UTME in 2025 and at another, it may be proper to ask, how much mental
efforts were exerted by the candidate to understand the UTME preparatory
materials and CBT practice? how hard did the candidate have to think to
complete the UTME reading tasks and the CBT practice? how difficult were
the UTME preparation materials in the four subjects to understand? how
challenging were the tasks of reading and CBT practice for you?" how much
information did the candidate have to keep track of while learning/completing
the UTME preparation tasks? how overwhelmed did the candidate feel while
working on JAMB UTME reading and CBT practice? How were complex
and hard the UTME preparation materials to understand? how difficult to
grasp were the UTME topics in the syllabus of the four subjects?  how
difficult were the ways the UTME preparation materials available to
understand to the candidate?”” how unclear and confusing were the instructions
in the UTME materials available? how easier was the candidate able to
connect new information in the UTME preparation materials to other matters
that the candidate was used to or already known? And how true was the
candidate feeling like building a deeper understanding of the UTME
preparation? All these on a 4-point scale could reflect the true cognitive load
of a UTME candidate.

Empirical studies lent voices to the importance of Cognitive load. Umoru and
Nwoke (2019), determined the effect of cognitive load on secondary school
Chemistry students using UTME mock questions. He created survey items to
compare high extraneous cognitive load with that of low extraneous items and
administered them vis-a-vis UTME Mock Examination. The finding of the
study indicated that high extraneous load items reduced performance by 22%, t
(118) = 4.56, p < .001. Worked examples as instructional intervention reduced
load and increased UTME mock scores by mean = 15.3 points. The Intrinsic
load also correlated negatively r = —.34 with achievement. The study
recommended that writers of UTME item should reduce formats that promote
split-attention so that extraneous load could be lowered. The study of Umoru
and Nwoke appeared to point attention of test writers to the need not to
overload their questions, in order to avoid mass failure in the UTME; although
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the focus of the study was performance in pre-UTME mock examination. It
may not be easily reported without determining the extent to which cognitive
load had affected Oke-Ogun resident SSS III students’ performance in the
2025 UTME.

The last of the student-level factors is test-taking strategy. Test-taking
strategies are deliberate, metacognitive actions — time allocation, item
analysis, elimination techniques, anxiety regulation — distinct from subject
mastery. Test-taking strategies are operational procedures interfacing with
working memory when a student takes an examination. They are calculated
attempts to invoke the knowledge already acquired before the examination by
way of managing emotion, memory and attention. Test-taking strategies assist
the learner to address the systems that are contesting when writing an
examination. These systems are usually three, namely, cognitive load
management, metacognitive monitoring and affective regulation. In cognitive
load management, the learner learns little at each time and masters it, pens
them down and rehearse them repeatedly so that the information becomes a
small mental chunk that could assist the learner identify answer an option once
and for all, and not necessarily reading an option over and over again.

In metacognitive monitoring, a candidate tries to crosscheck if he/she actually

understands the examination question. Here, the examinee takes a pause before
deciding to choose a final answer. For the affective regulations, the examinee
does not allow the test anxiety to overrule the chunk of information available
for retrieval; otherwise, there would be a sudden memory loss and the
candidate is left to struggling with the test (Cohen, 2007; Sisa, Garcés, Crespo-
Andrade & Tobar, 2023). When a student understands test-taking strategies,
he/she prepares well for the tests and is never bothered during the life testing
situation. Before the testing, the candidate tests him/herself with past question
of same examination in order to establish a schema that could be accessed
without unnecessarily having a stress during the life test. Secondly, the
examinee has to builds schemas that are easier to access under stress situation;
interleave and space the preparation so that sufficient learning content are
stored for retrieval during testing situation. Similarly, the candidate has to
simulate the testing format by way of getting familiar with response format of
the real test, in order that extraneous load does not manifest on the
examination proper.

Similarly, a mastery of testing strategy could manifest when the candidate
takes the real ‘paper’. In this context, the candidate has to preview and then
attack the test, especially the section on comprehension. This has been proven
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to be capable of increasing students learning outcomes in both achievement
and aptitude tests. Moreover, easy items have to be answered first, before the
difficult ones so that time is not wasted on overthinking. The examinee has to
skip a seemingly tough question and return to it later in order to conserve time.
There should also be elimination with discipline, where implausible distractors
are crossed because of their inefficiency. Where possible an examinee could
jot down options, jot formulas and draw diagrams in order to externalise the
thought process. This is capable of reducing brain racking that often leads to
waste of time. There is also the need for time checks with breathing resets, so
as to reduce anxiety and enhance reasoning.

For the purpose of UTME research, the following are expected to be tested in
reference to test-taking strategies : allocation of time effectively during tests to
answer all questions; prioritizing questions based on difficulty and importance;
carefully reading and understanding each question before answering;
identifying key words and phrases in questions to determine the correct
answer; having strategies for managing time effectively during tests; reviewing
my notes and textbook regularly to prepare for tests; making sure each
questions is carefully read when taking the UTME; using the process of
elimination to narrow down answer choices ; making educated guesses when
unsure of the answer ; staying calm and focused during examinations; using
relaxation technigques to manage test anxiety; reviewing answers before
submitting the examination hall; checking own work for errors and
completeness before submitting the examination ; preparing thoroughly for
tests by reviewing notes and materials ; and practicing test-taking strategies on
computers before the actual test. All these on 4-point scale could diagnose
what the test-taking strategy of a UTME candidate actually is: as done in this
study. Meanwhile previous studies have provided justification form this study
in the context of testing for test-taking strategy as an index of examination
preparation - in this context, the 2025 UTME. Some previous studies — the
Benin City, Nigerian study (Adeosun & Okonkwo, 2024) and the student
characteristics and academic achievement in secondary school mathematics in
Oyo State study (Olatoye & Afuwape, 2004) indicated that test-taking skills
showed a positive relationship with academic performance; and jointly with
cognitive load, which significantly correlated with achievement, and that the
performance of the student could improve higher by 11 percent if they are
taught to recognize distractors and use deductive reasoning. These authors
recommended government-funded workshops on test-taking strategies for pre-
tertiary tutors and also integrate test-taking skills into continuous assessment
preparation kits. However, it may be too quick to conclude that the
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performance of Oke-Ogun school leavers who sat for the 2025 was a product
of their previous test-taking strategies. A positive or negative relationship may
speak volume. This study appears to have an answer for this assumption.

From all the previous studies examined, proximal learner factors (self-efficacy,
mastery learning orientation, cognitive load, and test-taking strategies) have
had a significant influence on students’ academic achievement. A very
prevalent part of the proximal learner factor (Self-efficacy) was reported to
account for 29.2% of the performance of the students in Oyo State alone.
While metacognitive teaching strategies significantly improved achievement in
economics and physics, certain aspects of metacognitive factors (self-
assessment and self-resilience) were reported to have positively influenced
students in Mathematics. About 50% of Nigerian students were also reported
to have test anxiety, as a fallout to their poor cognitive load management,
hence they could not adequately concentrate, let alone recalling all they have
learnt preparatory to the high-stake examinations to which they were exposed.

It is therefore hoped that empirical data addressing these gaps, and suggesting

interventions aimed at improving UTME performance, would reduce the risk
of focusing solely on content coverage at the expense of students' internal
processes, which, on a good day, enable students to utilise during life
examination administration. This study, therefore, seeks to determine the
extent to which proximal learner factors vary across different career paths and
are capable of predicting UTME learning outcomes of SSS Il students of Oke-
Ogun, Oyo State, in the 2025 UTME. The purpose of this study was therefore
was to examine the extent to which proximal learner factors differ across
career paths and predict UTME performance among SSS |11 students in Oke-
Ogun, Oyo State. Specifically, the study sought to:

i. determine whether there are significant differences in self-efficacy,
mastery learning orientation, cognitive load, and test-taking
strategies among students in Arts, Engineering, Science, Social
Science, and Undisclosed career paths;

ii. examine the joint predictive power of these proximal learner factors on
UTME performance; and

iii. identify which specific proximal learner factors significantly predict
UTME performance.
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Research Questions
The following research questions were answered in the study:

1. s there statistically significant difference in proximal learner factors
among SSS |l students across career paths in Oke-Ogun, Oyo State?

2. To what extent do proximal learner factors jointly predict UTME
performance among SSS 11 students in Oke-Ogun, Oyo State?

3. Which specific proximal learner factors significantly predict UTME
performance among SSS 111 students in Oke-Ogun, Oyo State?

Methods

Correlational survey design was adopted for the study, with the view to
examining the relationship between proximal learner factors and UTME
performance. The intention was not to manipulate any variable, but to compare
the proximal learner factors across career paths (Arts, Engineering, Science,
Social Science, and Undisclosed career paths). Senior Secondary School Class
I11 students in public and private senior secondary schools in the Oke-Ogun
area of Oyo State, Nigeria, who sat for the 2025/2026 UTME constituted the
population for the study. A stratified sampling technique was used to select
400 SSSIII students from three post-secondary Teaching Service Commission
(TESCOM) (lseyin, Saki, Kishi) Zones. A captive sampling technique was
used to identify candidates who sat the 2025 UTME across available schools at
the moment of this survey (because, not all the students sat for the 2025
UTME, but each of the students had only one SSCE paper (Civic Education)
left and were not in school on regular basis again).

The instrument used for data collection was the UTME Preparation
Assessment Questionnaire (UPAQ) which sought to collect basic information
(10 items) on UTME preparation and the candidates’ Proximal Learner Factors
(51 items). The proximal level factor section was a 4-point Likert-type
questionnaire developed by the researcher. It had 4 subscales: Self-efficacy —
12 items Mastery learning orientation — 12 items Cognitive load — 12 items
Test-taking strategies — 15, The item response options ranged from 4 = Very
True to 1 = Not Very True. The instrument also contained a section to write
the UTME Performance Record which the students supplied. Only results
confirmed on the telephone text messages which was available at the time of
this survey, were used for the study. The scores ranged from 0 to 400. The
internal consistency of the instrument was 0.90. Data collection was made
possible with the permission of TESCOM officers in each zone. Informed
consent was obtained from students and school authorities. The school
Counsellor assisted in assembling concerned students during the survey
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exercise. Participation was voluntary, and students were assured of
confidentiality. A trained researcher, assisted by two other trained research
assistants, who were remunerated, administered the instruments for the study
during normal school hours. School Counsellors vetted the questionnaires and
found it non-offensive, and further encouraged the SSS 111 students to attend to
the research instrument. At the end of data collection exercise, a total of 800
copies of the questionnaire were returned completed. After data cleaning, only
742 were found to be very useful for the study. Data collected were analysed
with Multivariate Analysis of Variance (MANOVA), to test differences in
proximal learner factors across career paths; while Multiple regression analysis
was used to determine the joint predictive power of proximal learner factors on
UTME performance. The standardized beta coefficients and t-tests from the
regression analysis were used to determine individual predictors. All
hypotheses were tested at 0.05 level of significance. UTME scores were used
solely for research purposes and anonymized during analysis.

Results
Research Question 1: Is there a significant difference in Proximal Learner
Factors of SSS Il students across career paths?

A one-way Multivariate Analysis of variance (MANOVA) was conducted with
career path as the independent variable and self-efficacy, mastery learning,
cognitive load, and test-taking strategies as dependent variables.

Table 1. Multivariate and Univariate Effects of Career Path on Proximal
Learner Factors

Effect / Test Value F Hypothesis Error Sig. Partial

Dependent Statistic df df 1’

Variable

Multivariate

Career Path Pillai’s .025 1.17 40 1480 .278 .006
Trace
Wilks’ 975 1.17 40 737 .283 .006
Lambda

Univariate

Self-efficacy 3842+ 0702 4 737 591 .004

12.37
Mastery 3723+ 0532 4 737 712 .003

learning 13.02
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Cognitive 4876+ 1510 4 737 198 .008
load 17.33
Test-taking 3456+ 0474 4 737 .755 .003
strategies 13.52

Note. Box’s M test was significant, p = .002, indicating a violation of the
homogeneity of covariance matrices assumption. Pillai’s Trace is reported as it
is robust to this violation (Finch & French, 2023). Values for univariate tests
are presented as Mean + SD.

The multivariate test indicated no significant difference in the combined
proximal learner factors across career paths, Pillai’s Trace = .025, F (40, 1480)
= 1.172, p = .278, partial n> = .006. The effect size was negligible, with only
0.6% of the variance explained by career path. Exploratory univariate
ANOVA: s also revealed no significant differences for self-efficacy, F(4, 737) =
0.702, p = .591, partial n* = .004; mastery learning, F(4, 737) = 0.532, p =
712, partial n?> = .003; cognitive load, F(4, 737) = 1.510, p = .198, partial > =
.008; or test-taking strategies, F(4, 737) = 0.474, p = .755, partial n> =.003. All
effect sizes were below Cohen’s (1988) benchmark for small effects,
indicating no practical differences.

Meanwhile, just as Research Question 1 found no significant differences in
proximal learner factors across career paths, it remains important to examine
whether these factors predict academic outcomes within the cohort. Therefore,
RQ?2 investigates the extent to which self-efficacy, mastery learning, cognitive
load, and test-taking strategies predict UTME performance among SSS 1|
students in Oke-Ogun.

Research Question 2: To what extent do proximal learner factors predict
UTME performance among SSS Ill students in Oke-Ogun? A multiple
regression analysis was conducted with self-efficacy, mastery learning,
cognitive load, and test-taking strategies as predictors.
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Table 2: Regression Analysis Predicting UTME Performance from
proximal learner factors

Variable M SD
(Constant)

Self-efficacy 38.42 12.38
Mastery learning 37.23 13.02
Cognitive load 48.76 17.33
Test-taking strategies 34.58 17.33

Note. R2=.032, Adjusted R2 = .027, F (4, 737) = 6.168, p = .001. Dependent
variable: UTME performance.

The regression model was statistically significant, F (4, 737) = 6.168, p = .001,
indicating that the set of proximal learner factors variables collectively
predicted UTME performance. However, the effect size was small, with Rz =
.032, meaning the four predictors explained 3.2% of the variance in UTME
scores.

Research Question 3: Which specific proximal learner factors significantly
predict UTME performance among SSS |1l students in Oke-Ogun, Oyo
State?

Results from Table 2 indicated that Adjusted R2 = .027 confirmed that the
model retained explanatory power after adjusting for the number of predictors.
Examination of individual predictors showed that cognitive load (B =.191, p =
.001), mastery learning ( = -.138, p = .022), and test-taking strategies ( = -
127, p = .018) were significant predictors. Self-efficacy was not significant, 8
=.054, p = .285. All VIF values were below 3, indicating no multicollinearity
concerns.

Discussions

The findings show that Arts, Engineering, Science, Social Science, and
Undisclosed career path students in Oke-Ogun SSS Il did not differ
significantly in their proximal learner factors prior to UTME. This
convergence likely reflects the homogenizing influence of shared academic
demands in SSS Ill. High-stakes examinations create a common pressure
environment that encourages similar study strategies and self-regulation
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practices across tracks (Oladipo & Adekoya, 2023). The result aligns with
recent evidence that proximal learner factor in secondary school is more
strongly shaped by motivation and instructional context than by subject
specialization (Katsantonis, 2024). In Nigeria, proximal learner factors has
been shown to reduce academic anxiety uniformly across students, without
track-specific effects (Uwakwe et al., 2024). Similarly, Brausch-Bdger and
Forster (2024) found that career-choice readiness interventions affected
proximal learner factors across secondary students regardless of initial career
orientation. From a practical standpoint, the absence of differences suggests
that metacognitive interventions can be delivered at the whole-school level
rather than tailored to specific career paths. This is efficient for schools with
limited resources and consistent with evidence that whole-school approaches
to self-regulated learning improve outcomes across diverse student groups
(Brausch-Boger & Forster, 2024). A limitation is the violation of the
homogeneity of covariance matrices assumption. However, Pillai’s Trace,
which is robust to this violation and to unbalanced group sizes, produced the
same conclusion (Finch & French, 2023). Future studies should use stratified
sampling to achieve balanced groups and examine whether differences emerge
at the tertiary level, where career specialization intensifies. The inference from
these findings is that career path does not significantly differentiate
metacognitive characteristics among SSS IIl students in Oke-Ogun. The
negligible effect sizes and consistent non-significant outcomes indicate that
interventions targeting self-efficacy, mastery learning, cognitive load, and test-
taking strategies can be implemented uniformly across the cohort.

The study also found a significant but small effect of proximal learner factors
on Oke-Ogun SSS TII students’ performance in 2025 UTME. The finding
aligns with recent reports that proximal learner factors contribute modestly to
academic performance in high-stakes testing contexts. Cognitive load showed
a positive relationship with UTME performance, suggesting that students who
effectively managed cognitive demands performed better. This is consistent
with evidence that metacognitive regulation of cognitive load supports
problem-solving under exam pressure (Katsantonis, 2024). The negative
coefficients for mastery learning and test-taking strategies indicate that higher
scores on these scales were associated with lower UTME performance in this
sample. One explanation is that students with stronger mastery orientation may
prioritize deep understanding over exam-specific tactics, which can
disadvantage them in multiple-choice, time-constrained tests like UTME.
Similarly, over-reliance on certain test-taking strategies without content
mastery has been linked to lower scores in Nigerian contexts (Oladipo &
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Adekoya, 2023). The non-significance of self-efficacy contrasts with some
earlier studies but reflects a growing body of work showing that self-efficacy
alone is insufficient without aligned learning strategies in exam settings
(Brausch-Boger & Forster, 2024). The low R2? value suggests that factors
outside proximal learner factors - such as prior achievement, school quality,
and socioeconomic status, play larger roles in UTME outcomes.

Conclusion and Recommendations

Premised on the findings of this study, it may be adduced that that SSS Il
students in Oke-Ogun do not differ significantly in proximal learner factors
across career paths, suggesting a uniform profile regardless of academic track.
Although proximal learner factors collectively predicted UTME performance,
the effect was small and driven primarily by cognitive load, mastery learning,
and test-taking strategies, with self-efficacy showing no independent
contribution. Taken together, these findings imply that proximal learner factors
development interventions can be implemented uniformly across career paths,
with particular emphasis on managing cognitive load and aligning study
strategies with examination demands. The schools, policy makers, educational
managers, measurement and evaluation experts and specialists in education for
sustainability should give attention to the development of proximal learner
factors from the early phase of educational life until the students face high
stake examinations. By this, students are better prepared for higher scores in
those examinations in the future.
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